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Constructing Practical Knowledge Graphs by Large Language Model
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ABSTRACT — The quality of a knowledge graph (KG) is a crucial
aspect of data-driven applications, and datasets typically need to
undergo quality assessment before deployment. However,
evaluating the quality of large datasets often encounters problems
such as data complexity, evaluation time, data searching, and delays
in tracking constantly changing data, directly impacting system
performance. Therefore, this research presents a practical approach
for constructing knowledge graphs using a Large Language Model
(LLM) formatting method. This involves designing the ontology,
extracting data to create entities based on the structure, and finally
linking these entities using node2Vec relationships. Evaluation is
then conducted using three key metrics: accuracy, completeness,

and consistency. The results are tested on a standard knowledge
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graph dataset compared to other knowledge graph methods. The
experimental results show that the proposed approach simplifies
data filtering from the knowledge repository, achieving an average

dataset quality of 86%.

Keywords — Knowledge graphs, data quality assessment, large

language model, models evaluation, data consistency.
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